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[Wen, 2016]
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[Shang et al., 2015]
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Ji1%: Encoding-Decoding

Post NRM-glo NRM-loc NRM-hyb Rtr.-based
FFRBAKE R S0E, HBRLAN | HHELEHEERA |RTFERL, FHE | &Hk..
A B!
High fever attacks me Rest more to boost Go to see a doctor Get well soon and stay | High fever...
every New Year’s Day | your immune system. |every New Year’s Day | healthy!
XET—%, BMAMN | EBRA! KELH | LAWK REFE | ETHT, FARR | ZARRET Y

wm, HARHX
1 gain one more year.

!
Happy birthday! Will

g
#Fi!

Happy birthday! Wish

AL
Getting old now. Time

I just gain only one

Grateful to my group, so [ stand by you forever! | you always stay young | has no mercy. more year.

happy and pretty!

RS —R, BHE, |LARXHF! ik | BEHE, BETE | FREREFREIE | BHA!

ERiE.

First day of being a I come to offer my Hold on, keep it up. I 'have been being a Hold on!

vegetarian. Hold on, support. Keep it up! vegetarian everyday

CuiDuoLa

EARAABIZHEANN | ZRIVUM? B £ | AR, SHAAT| ZARAATREN| L B EHFF
S A HH I R A

We should go out with [ Where is it? It is so Such a nice sunny day! | It is indeed a very nice | WenShan, let’s go out
some cute guys to enjoy | beautiful! Tam in a great mood. | weather. to get some

a great outing in such a
nice weather.

inspiration. Ha! Ha!

[Shang et al., 2015]
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Fi%: Seq2Seq

<eos>

A B c <eos>
Context (Previous Sentences) Reply
Human: hello ! Human: who is skywalker ?
Machine: hello ! Machine: he is a hero .

Human: who is bill clinton ?
Machine: he ’s a billionaire .
Human: is sky blue or black ?
Machine: blue .

Human: does a cat have a tail ?
Machine: yes .

Human: how are you ?
Machine: i 'm good .

Human: what ’s your name ?
Machine: i 'm julia .

Human: when were you born ?

Machine: july 20th . Human: does a cat have a wing ?

Human: what year were you born ? Machine: no

Machine: 1977 . Human: can a cat fly ?

Human: where are you from ? Machine: no .

Machine: i 'm out in the boonies. Human: how many legs does a cat have ?
Human: are you a man or a woman ? ~ Machine: four , i think .

Machine: i 'm a woman . Human: how many legs does a spider have ?

Machine: three , i think .

Human: how many legs does a centipede have ?
Machine: eight .

Human: what is the color of the sky ?
Machine: blue .

Human: what is the color of water ?

Human: why are we here ?
Machine: i 'm not sure .
Human: okay, bye !
Machine: bye .

Human: see you later .

(PK Question Answering October 19, 2016
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R IR IE A |

o EE HE
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o JMERFIR

o P m&E?

IR, IXRERIES R FRER AL N RIKE

message
response
message
response
message
response

Where do you live now?

I live in Los Angeles.

In which city do you live now?

I live in Madrid.

In which country do you live now?
England, you? [Li etal., 2016]
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o EE HE
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o XIEEH

o HIRSERMTT
o IEEHER
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o JMERHR

i

o PHmE?

IR, IXRRES R ARER A S IR

message
response
message
response
message
response

Feng et al.

Where were you born?

I was born in Canada.

Where are you from?

England, you?

Where did you grow up?

I grew up in Texas. (Li et al, 2016]
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R IR IE A |

o B HE
o RNN ##i#E BAJF71

o MiHEH
o HIFSERME
e IEEHE

o RNN i 5tk i P51
o SMARBTIR
o HH i mE?
%ﬁ,ﬁ%ﬁﬁ%a‘T%@ﬁ%ﬁ?mm
message How old are you?
response 16 and you?
message What’s your age?
response 18. i etal, 2016

8/14
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R IR IE A |

o IEEHE
o RNN ##i# AT
o XIEEH
o HIFSERMTT
e IEEHE
e RNN fi 5tk /75
o JMERFIR
o P mE?
INTT, XRMEGR ! RSB ZIHIKE
message What is your major?
response I’m majoring in psychology
message What did you study in college?
response English lit. Letat, 2016
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h7ESeq2Seq, 1HIRVH AW R

in england . EOS
Source Target 2
! t 1 1
|e000 ioooo‘f YY) }oooo‘f {0000 Yy PYYYY. 0000 |
R R e

|e000 ‘oooe‘ 0000 ‘ooeo‘ 0000 || edee || |0000 oo..‘ ‘OQOOH.QOI‘ 9000‘ sooe
et hiiad —] —_— ] haldd — ]
where do you live EOS LRob 1 in  Rob england Rob . Rob

< D_Gomes25 Jinnmeow3 \

g e skinnyoflynny2 p uws. london = o

% TheCharlieZ england 2

£ ¢ b i Rob712) o great S

% § Tomcoatez reamswats 3 good £

8- Bob_Kelly2 E 3

=} . X Kush_322 . 2

S kierongillen5 monday live okay g

L = This_Is_Artful 1 tuesda °

§ The_Football Bar DigitalDan285 Y stay E

& — : =

o o Li
etal,, 2016]

Feng etal. (PK

Question Answering October 19, 2016 10/ 14



IIPNGEDREE-1

HESeq2Seq, 1HEREH AW

message Where is your hometown? message Where is your hometown?
response I'm from England. response 1 live in Indonesia.

message Where are you from? message Where are you from?

response 1’'m from England. response England, you?

message In which city do you live now? message In which city do you live now?
response 1 live in London. response 1 live in Jakarta.

message In which country do you live now?  message In which country do you live now?
response 1 live in England. response I live in Indonesia.

message What is your major? message What is your major?

response Business. You? response Business, you?

message What did you study in college? message What did you study in college?
response 1did business studies. response Psychology, you?

message How old are you? message How old are you?

response I'm 18. response I'm 18.

message What is your age? message What is your age?

response 1'm 18. response I'm 16.

BN
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> call Jason williams — Entity Extraction
office or cellphone? «—

Renormal-
ization

>

Sample
action

o

[Williams and Zweig, 2016]
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o ZH AL 22K Seq2Seq iX P X it RGTR
o FUPMBEHR N AL LAY, a0 B E AR IRFHIT
o KA RS R RGLY IRAl LAY

Generation Network

<v.name> serves great <v.food>
.

Copy field

STITITIIITIIIIIITIIIIIIICIICIIICIIIIIC IIII Y DB ,,o,»,,te,l
Korean 0.7

British 0.2
French 0.1

MySQL query:
“Select * where
food=Korean”

sAep uanas
jonas i

piepuess [ehoy

Database

Database Operator |
------------------------- [Wen et al., 2016]
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CUG/HES

BIF - I itE .

Movie Dialog Dataset
dge et al., 2015)

Name Type Topics Avg. # Total # Total # Description
of turns | of dialogues of words

NPS Chat Corpus Chat Unrestricted - - 100M Posts from age-specific online chat rooms.
(Forsyth and Martell,
Twitter Corpus Microblog Unrestricted 2 1,300,000 - Tweets and replies extracted from Twitter
(Ritter et al., 2010)
Twitter Triple Corpus Microblog Unrestricted 3 29,000,000 - A-B-A triples extracted from Twitter
(Sordoni et al., 2015b)
Sina Weibo Corpus Microblog Unrestricted 2 4,435,959 100M Posts and replies extracted from Sina Weibo
(Shang et al., 2015)
Sina Weibo Short-Text Microblog Unrestricted 2 15,000 - Posts, along with unlabeled replies
Conversation Corpus from Sina Weibo
(Wang et al., 2013)
UseNet Corpus Microblog Unrestricted - - 7B UseNet forum postings
(Shaoul and Westbury, 2009)
NUS SMS Corpus SMS messages Unrestricted - - 580,668*" SMS messages collected between two
(Chen and Kan, 2013) users, with timing analysis.
Reddit Forum Unrestricted - - - Comment trees from Reddit
Reddit Domestic Abuse Forum Abuse help 17.53 21,133 19M-103M Reddit posts from either domestic abuse
Corpus (Schrading et al., 2015) or general chat.
Settlers of Catan Chat Game terms 95 21 - Conversations between players
(Afantenos et al., 2012) in the game ‘Settlers of Catan’
Internet Argument Corpus Forum Politics 35.45 11K 3M Debates about specific
(Walker et al., 2012b) political or moral positions
MPC Corpus Chat Social tasks 520 14 58K Conversations about general,
(Shaikh et al., 2010) political, and interview topics
‘Ubuntu Dialogue Corpus Chat Ubuntu Operating 7.7 930,000 100M Dialogues extracted from
(Lowe et al., 2015a) System Ubuntu chat stream on IRC
‘Ubuntu Chat Corpus Chat Ubuntu Operating - - 2B+ Chat stream scraped from
(Uthus and Aha, 2013) System IRC logs (no dialogues extracted)

Chat, QA & Movies 33 3.1M" - For goal-driven dialogue systems. Includes

movie metadata as knowledge triples.
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CUG/HES

LN AL

WA

Name Topics Total # Total # Tol # | Tolal# | Description
of utterances | of dialogues | of scripts | of words

Movie-DIiC Movie 764k 132229 753 6M | Movie scripts of American films.
(Banchs, 2012 dialogues
Movie-Triples Movie 736k 245,296 614 13M | Triples of utterances which are filtered to come
(Serban et al., 2015) dialogues from X-Y-X triples.
American Film Scripts Movie ive - 1,500 16M* | Movie scripts of American films.

scripts
Comell Movie-Dialogue Corpus Movie 14 220,579 617 OM* | Short conversations from film scripts, annotated
(Danescu-Niculescu-Mizil and Lee, 2011) | dialogues with character metadata.
Filtered Movie Script Corpus Movie 73k 86,719 1,786 2M* | Triples of utterances which are filtered to come
(Nio et al., 2014b) dialogues from X-Y-X triples.
American Soap Opera TV show T0M* = 22,000 | 100M | Transcripts of American soap Operas.
Corpus (Day 2b) scripts
TVD Corpus TV show 60k - 91 600k* | TV scripts from a comedy (Big Bang Theory) and
(Roy etal, 2014) scripts drama (Game of Thrones) show.
Character Style from Film Movie 664k = 862 9.6M | Scripts from IMSDb, annotated for linguistic
Corpus (Walker et al., 20122) scripts structures and character archetypes.
SubTle Corpus Movie 6.7M 335M 6,184 20M | Aligned interaction-response pairs from
(Ameixa and Coheur, 2013) sublitles movie subtitles.
OpenSubtitles Movie T40M* = 207,907 1B | Movie subtitles which are not speaker-aligned.
(Tiedemann, 2012) subtitles

[Serban et al., 2015]
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Conversation Collection (CNCC)
(Reppen and Ide, 2004)

Topics Total # Total # Total Description
of dialogues | of words length
(Godfrey et al., 1992) Casual Topics 2,400 3M 300hrs* | Telephone ions on pre-specified topics
British National Corpus (BNC) Casual Topics - 10M 1,000hrs* | British dialogues many contexts, from formal business or government
(Leech, 1992) meetings to radio shows and phone-ins.
CALLHOME American English Casual Topics 120 540k* 60hrs Telephone conversations between family members or close friends.
Speech (Canavan et al., 1997)
CALLFRIEND American English Casual Topics 60 180k* 20hrs Telephone conversations between Americans with a Southern accent.
Non-Southern Dialect
(Canavan and Zipperlen, 1996)
The Bergen Corpus of London Unrestricted - 500k 55hrs Spontaneous teenage talk recorded in 1993.
Teenage Language Conversations were recorded secretly.
(Haslerud and Stenstrim, 1995)
Tongman Spoken American Corpus | Casual Topics - ™M 550hrs* | First dataset to capture American spoken English on a large scale.
(Stern, 2005)
The Cambridge and Nottingham Casual Topics - M 550hrs* | British dialogues from wide variety of informal contexts, such as
Corpus of Discourse in English hair salons, restaurants, etc.
(McCarthy, 1998)
D64 Multi C Corpus | U 2 70K* 8hrs | Several hours of natural interaction between a group of people
(Oertel et al., 2013)
AMI Meeting Corpus Meetings 175 900K* T00hrs | Face-to-face meeting recordings.
(Renals et al., 2007)
Cardiff Conversation Dalabasc Unrestricted 30 20k* 150min | Audio-visual database wth unscripted natural conversations,
(CCDb) (Aubre including visual
4D Cardiff C 1 17 2.5k* 17min A version of the CCDb with 3D video
(4D CCDb) (Vandeventer et al., 2015)
The Diachronic Corpus of Casual Topics - 800k 80hrs* Selection of face-to-face, telephone, and public
Present-Day Spoken English discussion dialogue from Britain.
(Aarts and Wallis, 2006)
‘The Spoken Corpus of the Casual Topics 314 800k 60hrs Dialogue of people aged 60 or above talking about their memories,
Survey of English Dialects families, work and the folklore of the countryside from a century ago.
(Beare and Scott, 1999)
The Child Language Data Unrestricted - 10M 1,000hrs* | International database organized for the
Exchange System study of first and second language acquisition.
(MacWhinney and Snow, 1985)
The Charlotte Narrative and Casual Topics 95 20K 2hrs* Narratives, and interviews

of the residents of Mecklenburg County, North Carolina.
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(E552%: i BT FB -

Name Type Topics Avg. # Total # Total # Description
of turns | of dialogues of words
DSTC1 (Wi etal. g Spoken | Buse - 15,000 - Bus ride information system
DSTC?2 (Henderson et al., 2014b) Spoken - 3,000 - booking system
DSTC3 (Henderson et al,, 20142) Spoken | Tourist i - 2,265 - Information for tourists
CMU Communicator Corpus Spoken | Travel 11.67 15,481 - Travel planning and booking system
(Bennett and Rudnicky, 2002)
'ATIS Pilot Corpus Travel | Travel 254 41 10.6K-12.2K* | Travel planning and booking system
(Hemphill et al., 1990)
Ritel Corpus (Rosset and Petel, 2( Spoken | Unrestricted/ Diverse Topics - 582 60k An annotated open-domain question
answering spoken dialogue system
DIALOG Mathematical Spoken | Mathematics 12 66 - Humans interact with computer system
Proofs (Wolska et al., 2004) to do ical theorem proving
MATCH Corpus (Georgila ot al, 2010) | Spoken | Appointment Scheduling = 447 - ‘A system for scheduling appointments.
Includes dialogue act i
MeMo Corpus (Véller et al., 2008) Spoken | Household - 64 - Instructing smart home system
[Serban et al., 2015]
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